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Principle and Using Logistic Regression Analysis for Research
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ABSTRACT

The objective of logistic regression analysis is to predict the occurrence of interested events.
By using equation of logistic regression analysis that erected from set of predict or variables. Which

variable has data in an interval scale at least. Which the relation between prediction variables must
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be low and analysis must be base on variable size not less than 30 p once p is predictor variable.
Logistics regression analysis was divided into two categories. (1) Binary logistic regression
analysis is used for criterion variable that divided into two subgroups such as the group, that showing
interested event, will be value 1 with the group, that not showing interested event, will be 0. (2)
Multinomial logistic regression is using for criterion variable that divided into several subgroups or
more than two subgroups such as size of educational institutes in divided into big group/middle/
small group or hospital may has excellent/medium/minimum services.
In logistic regression analysis, once criterion variable become qualitative variable, has two subgroups
or more than two subgroups. The relationship between predictor variable and criterion variable will

be nonlinear regression. So that analysis needs to adjust the relationship to be linear regression and

logistic model must be writing in form log of odds, that called logit.

Key words: logistic, regression analysis
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